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o Statistical Facts

 Visually Impaired: 1.3 million blind inthe US [1]

e Paralysis: 5.4 millioninthe US|[2]

o Arms Amputee: 350,000 inthe US[3]

 Lack of Independent Mobility: 19 millions: [nih.gov]
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Fully-Autonomous Outdoor Wheelchairs
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Lehigh University
Wheelchair (2014) [5]
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The Free University
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M otivations

Provide Mobility Independence to Include
physically aswell as mentally challenged people

Affordability



TTU Campus Map



Proposed System
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Applications
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e BiseNetV2 Performance




e Sidewalk Intersection
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Conclusions

 Designed and devel oped and add on autonomous control and
navigation system to accommodate physically and mentally challenged
people

 Alert system when driver islost due to dimentia
 Affordable solution
 Preliminary successful testing
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Future Work

e EXtensive on campus testing

e Add safety features

e Extend human machine interface

 Test the system using people with dementia
e Add safe road crossing capability

e Road/public places testing

e Potential commercilization



