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GOOGLE SLIDES

INTRODUCTION

• 8.9 million deaths worldwide in 2019
• Previous studies have focused on the

left ventricle

CONTEXT

Objetive: determine those clinical and cardiac
parameters that influence right ventricular
involvement in is- chaemic and non-ischaemic
cardiomyopathy
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THEORETICAL FRAMEWORK
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METODOLOGY
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• Literature review
• Agile
• Overleaf
• ML y Power BI
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Database

RENISEN

• 1,815 variables
• 56,447 patients
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Data preparation

• Elimination of variables with higher correlations

• Removal of inconsistent data

• Heights < 1 metre and > 2.3 metre or ages < 0 and > 120

years.

• For having all data set to 0

• ……….

These are reduced to 12,083

patients and 120 variables.
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Data labels

• Right ventricle labels. standard ranges by rv
volumes, systolic function and mass by age
interval (95% confidence interval). adapted from
Maceira et al. (2006). RV involvement (normal) in a

percentage of 59.1% (n = 7139)
and with RV involvement

(abnormal) in a percentage of
40.9% (n = 4944).
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RESULTS
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RESULTS

Database

Elimina los NaN

Clinical criterio

Undersampling

Technical criteria

XGBoost

10/12

Algorithms ACC SE SP NPV AUC

SVM 0.76 0.76 0.76 0.77 0.79

Random
Forest

0.78 0.78 0.79 0.78 0.82

Neural
Network

0.78 0.78 0.79 0.77 0.85

XGBoost 0.82 0.78 0.80 0.77 0.87



RESULTS
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Height

Normal Normal

Normal

Normal

NormalAbnormal

Abnormal

Abnormal

Abnormal

Abnormal

Normal

AI

MVIGad_APICAL16

PVR.unit.wood

Vol.reg.Ao.dif.vol.lat

DoA.PA

Aortic.Arch

PVR.unit.wood

• RV involvement (Abnormal): If
PVR.en.units.wood > 15.221 + Height > 1.40m +
DoA.PA > 0.087 + Aor- tic.arch > 14.

• No RV involvement (normal): If
PVR.en.units.wood ¡ 15.221 and
Ao.reg.Vol.beat.vol.dif >-90.500.



CONCLUSION

• Clinical visualisation of results

• Distributions and outlayer

9/10 patients
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• Influence of pulmonary vascular
resistance and aortic artery beat
volume difference as key factors,
Other variables with height (BMI),
DoA.PA and Ao.reg.Vol.beat.vol.dif.

• Reaching an AUC of 87,7% with
XGBoost in decision trees.

• High survival predictor

• Interdisciplinary




