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Evolution

Ordered change in species, individuals, or social systems.Traditional

Change in the state of an organism, organisation, technology, or
society at any particular time in a historical path.

Selected

[Baum et al., 1994]

Historical sequence is not arbitrary
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Change in the state of an organism, organisation, technology, or
society at any particular time in a historical path.

Selected
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Related Work

IntroductionIntroduction

An event is a specific occurrence of something that happens in a certain time
and a certain place involving one or more participants, which can frequently
be described as a change of state.

Event

[Linguistic Data Consortium, 2005; Vendler, 2019]

TF Extraction

Event
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Event Extraction

One of the most popular branch of Knowledge Extraction from textual data,
where the main purpose is the identification of events and there related
entities.
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IntroductionIntroduction

[Linguistic Data Consortium, 2005; Xiang et Wang, 2019]

Closed Domain Opened Domain

Event Extraction

• Event Mention
• Event Trigger
• Event Argument
• Argument Role

• Story Segmentation
• First Story Detection
• Topic Tracking
• Story Link Detection

TF Extraction

Related Work
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IntroductionIntroduction

Related Work

Event Ordering

A branch in Event Extraction that focuses on the temporal relation analysis of
events in a specific text.

[Leeuwenberg et Moens, 2017; Time Ontology, 2020]

Relations differs from a model to another

Approach

• Pre-trained models
• Pre-trained models

with inferencesTF Extraction
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Related Work

Model
NavyTime (Chambers, 2013)
ClearTimeTK (Bethard, 2013)
UTTime (Laokulrat et al., 2013)
CAEVO (Chambers et al., 2014)
CATENA (Mirza and Tonelli, 2016)
JRTCR (Nig et al., 2019)
TIMERS (Marthur et al., 2021)

Datasets
EventCausality (Do et al., 2011)
TimeBank 1. 2 (Pustejovsky et al., Lazo)
TimeBank-Dense (Chambers et al., 2014)
TempEval 2010 (Verhagen et al., 2010)
TempEval, 2013 (UzZaman et al., 2013)
Causal-TimeBank (Mirza and Tonelli, 2014)
EventStoryLine (Mostafazadeh et al., 2016)
FinReason (Chen et al., 2021)

Flash-back Flash-forward

TF Event Ordering
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Publication

[ https://edition.cnn.com; https://www.bbc.com/news; https://www.france24.com/en/; https://globalnews.ca/ ]



Conclusion
11

IntroductionIntroduction

Related Work

Timeframe

Event Ordering

Event Extraction

TF Extraction

Results

Spoken



Conclusion

Results

12

IntroductionIntroduction

Related Work

Timeframe

Event Ordering

Event Extraction

TF Extraction

Narrative



Conclusion
13

IntroductionIntroduction

Related Work

Timeframe

Event Ordering

Event Extraction

TF Extracion

Results
30 Article from 3
different News

websites

Publication
(100%)

Spoken
(100%)

Narrative
(87%)
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