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Introduction



U.S. Politics & Covid-19
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Blue and Red States in the U.S.A.

Image source: https://www.270towin.com/



Twitter as a Data Source

• API for app development
• Tweet objects and metadata:

• Date
• Location
• Tweet contents

• Dataset of Tweets based on 90 key 
words surrounding Covid-19



Sentiment Analysis & NLP

Sentiment scores ~  Mood
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Goals Is there association 
between COVID-19 
tweets and voting 
preferences in the 
2020 U.S.A. election? 



Tweet Data



Sample COVID-19 Tweets



Tweet Sentiment Estimation
• VADER Sentiment

• Designed for social media
• Average by state per day



Voting Data
• State, party called, percent



Results



Correlation Heat Map

Daily average tweet sentiment
~ votes count by state



Time Series

• Sentiment Averages for 
states by party called

• Ratio:
• Avg. Dem Sentiment ÷ Avg. 

Rep Sentiment



Trends



Conclusion

We observed weak correlations between the 
average sentiment of COVID-19 related tweets 
and popular votes in two-week intervals, and 
the trends gradually become opposite for 
Democratic and Republican voting 
preferences. We then compared the average 
sentiments of COVID-19 related tweets 
between states called in favor of the 
Republican (red states) or Democratic parties 
(blue states). We found that at the beginning 
of lockdowns COVID-19 tweet sentiments in 
the blue states were much more positive than 
those in the red states. However, COVID-19 
tweet sentiments in the red states gradually 
become more positive during the summer of 
2020 and persisted until the election day.
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