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Dr. Nitin Agarwal

Director, Collaboratorium for Social Media and Online Behavioral Studies (COSMOS) http://cosmos.ualr.edu/

Jerry L. Maulden-Entergy Endowed Chair & Distinguished Professor of Information Science, University of Arkansas — Little
Rock https://profiles.ualr.edu/nai10/

He studies digital and cyber social behaviors that emerge and evolve constantly in the modern information and
communication platforms. At COSMOS, he is leading projects with a combined funding of over $20 million from U.S. federal
agencies including Department of Defense, DARPA, Department of State, National Science Foundation, Department of
Homeland Security.

He has published 10 books and over 200 articles in top-tier peer-reviewed forums including the NATO’s Defense StratCom
Journal, with several best paper awards and nominations.

He developed publicly available social media analysis tools (Blogtracker and vTracker), assisting NATO Strategic
Communications and Public Affairs, European Defense agencies, Australian Defense Science and Technology agency’s
strategic policy group, Singapore government, Arkansas Attorney General’s office, among others. Dr. Agarwal participates in
the National Tech Innovation Hub launched by the U.S. Department of State to defeat foreign based propaganda.

His work has been covered by local, national, and international media including Bloomberg, US News, KUAR, Arkansas
Business, Arkansas Times, Arkansas Democrat Gazette, and many others.

Dr. Agarwal has spoken at over 100 public and professional, national and international forums such as the NATO’s
StratCom COE (Riga, Latvia), DARPA, US Department of State, US Naval Space and Warfare (SPAWAR), US Pentagon’s
Strategic Multilevel Assessment groups, US National Academies of Sciences Engineering and Medicine, US Office of the
Director of National Intelligence, Facebook Asia Pacific HQ, Twitter Asia Pacific HQ, US Embassy in Singapore, Singapore
Ministry of Communication and Information, NATO Senior Leadership meetings, USIP, among others.

He is a fellow of IARIA, AAoC, ARA

He has received University-wide Faculty Excellence Award in Research and Creative Endeavors in 2015 and 2021.
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LA cosmos
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Collaboratorium for Social Media ..
and Online Behavioral Studies

COSMOS

COSMOS is developing big data
analytical tools to understand digital
behaviors and forecast trends to achieve
social good. With multi-year multi-million
dollar funding from various federal and
state agencies, COSMOS is able to
bring together several international
academic, industry, and government
institutions as partners in this venture.

@cosmographers

https://cosmos.ualr.edu/
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26 grants (total funding over $45 million
and $10 million to COSMOS-UALR):

*  Army Research Office

e Office of Naval Research

* Air Force Research Lab

e DARPA

* Department of State

 Department of Homeland Security

* National Science Foundation

« NATO

* Arkansas Research Alliance

* Jerry L. Maulden/Entergy Endowment

Agarwal, Nitin HUSO 2021

ArkansasResearchAlliance

Coming together to move Arkansas forward.
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 Over 30 members
 Undergraduate students,
* Graduate students (MS, PHD)
* Postdoctoral fellows
 Administrative staff

 QOver 20 graduated

* Industry (Walmart, Acxiom, FirstOrion,
Windstream, Dillard, Amazon, LinkedIn, HP, Cisco)

 Academia
* Pursuing higher education

Agarwal, Nitin HUSO 2021
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%/L\E Collaborators
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Academics
®  Arizona State University, Carnegie Mellon University, Creighton University, Emory
University, University of Central Oklahoma, University of North Carolina-Chapel Hill,
George Mason University, George Washington University, University of Pittsburgh,
Penn State, University of Memphis, University of New Haven, University of Hawaii,
University of Michigan, University of Southern California, West Virginia University,
Vilnius University, National University of Singapore, University of Sydney
Industry
®  Atlantic Council (DFRLab), Wal-Mart Inc., LinkedIn, Intelligent Automation Inc., Charles
River Analytics, Galisteo Consulting Inc., CarleyTech, Netanomics, Kairos Inc., Bond.Al
(fintech)
Government
[ J

Agarwal, Nitin

AR Attorney General’s Office, US Defense Agencies, US ARCENT, EUCOM, US Cyber
Command, Naval Postgraduate School, US SPAWAR, US Joint Information Operations
Warfare Center, llI-Marine Expeditionary Force (llI-MEF), Army Research Lab, Office of
Naval Research (Global), Air Force Research Lab, Singapore Government, Canadian
PMO, NATO, StratCom COE, European Defense Agencies, FVEYS — intelligence coalition
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Flash Mobs in Saudi Women’s Autism
Public Places Right to Drive Awareness
protest Campaign

C70 B‘uw
‘FOY Awl-ism

Pt ool gon s for Actium Manth?

Starbucks Racial
Controversy

October 9, 2013 October 15, 2013 October 19, 2013

October 27, 2007

NSF and DoD funded projects (over $1,000,000) on advancing

understanding of cyber-collective actions

Agarwal, Nitin HUSO 2021

2011 Arab
Spring Social
Movement
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Forms of Collective Action

Collective action: defined as all activity of common or shared interest among two or more individuals (Olson,
1977)

' # bof fMywar —I!

wM

Flash Mob Dance in a Shopping Mall Hashtag activism: #NotInMyName 2011 Arab Spring Social Movement
Campaign by Young British Muslims to
Counter ISIS” Extremism and anti-
Muslim sentiment

An influential individual may not be effective at organizing a campaign or social movement. Often a key set of
actors coordinate such an act.

Agarwal, Nitin HUSO 2021 9
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It's been & long road

\ Would you like

anything else? 2

A

| SUPPORT WOMEN DRIVERS
ON 26 OCTOBER, 2013

WWW.OCT26DRIVING.ORG
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Saudi Women Driving Campaign's
October 26 Site Hacked

Lol o]

Cpaadl b A ol sall 38 2a U 1 (31 5AY) G

| s s o oy A i i 4 et Y

“Organizers tell the AP that at least 60
women took part in Saturday's protest. More
than 20 women posted videos of themselves
driving in Saudi Arabia today.”

NPR, October 26, 2013

“Several Saudi supporters of the October

26th Women's Driving Campaign told CNN

that at least 25 women drove Saturday.”
CNN, October 26, 2013

Agarwal, Nitin

guardian

News US World Sports Comment Culture Business Money

Saudi Arabia

Saudi Arabia's women hold day of
action to change driving laws

Government warily observes public reaction as media joins calls
for ban on female drivers to be rescinded

lan Black, Middle East editor

“Efforts to publicise the issue by the "October 26 driving
for women" group have been described as the best-
organised social campaign ever seen in Saudi Arabia,
where Twitter has millions of users and is used to
circulate information about the monarchy and official
corruption.”
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s o Sexual Harassment is global in nature

DON'T HIDE IT demonstrating the universality of this crime
against women.
e« These forms of collective action are not isolated SEXUAL
events. HARASSMENT

e There are shared goals of collective awareness
and aspirations of addressing gender inequality

DEFEND YOURSELF

promoting women's rights.
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Network of bloggers for “‘Women to Drive’ and ‘Sexual
Harassment’ online collective actions

13
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Bloggers participating in ‘Women To Drive’ and ‘Sexual Harassment’ movements

uay.looﬂ Scores of Assent Verbs

14%

Wassim

@ posemo
@ Score >0.64

@ negemo
m Score < 0.64

Pirie

yassnin Seteh

86%

nirankshaft
Globalvmsolalne
Monaeltahawy

GlobalVolcesinSwahill Serenity’s comment on Monaeltahawy’s entry:
“Thank you so much for writing this, Mona! Thank you for
WanderisgScarab speaking up for those of us who are too cowardly to do so (at
least yet!), Mona! God bless you and give you more courage
and strength!”

Sershity GTFrenzy’s comment on OrganicMuslimah’s entry:

“Just read it and I love it! | couldn't agree with you more....”

Mezba’s comment on OrganicMuslimah’s entry:
“I fully agree. | say leave the judgement to God...”

S5l
uslimah
Marahm’s comment on Hala:
Meaba Sargyah “Good question, Hala, and good answer”
Gazelledusahara

Gazelledusahara’s comment on OrganicMuslimah:
“l am in Egypt in now and my classmates and | can totally

Interactions in the cooperative network between relate to Everything that you wrote about”

the members common to both collective actions
with-in the larger blogger network Laylah’s comment on Saudiwoman:
“I linked your post to my blog, thanks for the translation ©”

Agarwal, Nitin HUSO 2021 14
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®  Track formation of collective action

® Given the definitive nature of hashtags, we investigate the co-evolution of
hashtag usage and campaign network growth

® Methodological approach for Twitter data: f‘l
¢ Data classification '\l
¢ Overlap detection, and l
® Network construction and visualization // t

® Create tweet-retweet networks for each day i IR u

Octlober 9, 2013 October 15, 2013

October 19, 2013

October 27, 2007
Agarwal, Nitin HUSO 2021
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Twitter Campaign Network 3-D Visualization - https://www.youtube.com/watch?v=FVKCgYYPHWA

Best Information System Publication of the Year by the Senior Scholars Consortium of the Association for Information Systems.
Given to one publication selected from among all;the IS publications worldwide for the year.



https://www.youtube.com/watch?v=FVKCgYYPHWA

%/;\; Spillover of Mo

ROCK

® Spillover of supporters, activists, and resources
* Social Movement Spillover Theory (Meyer and Whittier 1994)
* Resource Mobilization Theory (McCarthy and Zald 1977)

BEAE O ome  dew  Spon  Reel Mo v Q

NEWS = v

World Africa Asia Australia Europe Latin America Middle Eas

User Interaction Network Social Media Interaction Network

Saudi Arabia's ban on women
driving officially ends

B oct26Driving
I 1ov310riving
B oec280nving

Saudi women are officially allowed to get behind the wheel, after a
decades-old driving ban was lifted.

Agarwal, Nitin HUSO 2021 17
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k3 The polkcn were called because Bhese men
hadi't ordened anything. They were waking for a friend ¥
Show up, who O a5 they were Laken out in handcutts for
doing nothing. All the ther white pol are wondering why t's
never hagpened to Us when we 40 the same thing.

12-April-2018
Philadelphia

Sentiment Analysis - Starbucks Apr13-21

0 9 #starbucks #boycottstarbucks E‘*“f

\ L. #shutdownstarbucks #fightthepower 2018

,,e °* v a3 #backtheblue #blackcoffee
" e" h #starbuckschallenge

o R

£ . o = B © Y ©
¥ L #

16 28%

34 44%

5341%

While protests continue, Starbucks CEO $32 12.16% W neutrs
_“Kevin Johnson comes to Philadelphia to PO
. meet with Nelson and Robinson.

Starbucks announces it will shut down its

8,000 U.S. stores on May 29 to conduct

racial-bias education for 175,000 necutive ) 518 24 449

employees. neutral 12 16%

Agarwal, Nitin Experts call the move unprecedented: 2021 positive 16.28% 53.41%

’ {;} ';'“ April 17, 2018
!

2018

Sign

_____

-Q-‘
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https://www.philly.com/philly/news/starbucks-closing-stores-racial-bias-training-philadelphia-arrests-20180417.html
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Deviant Hackers

Weaponizing ISIS . "’
Narratives Networks (DHNs) Recruitment Anti NATO Propaganda _ \ ‘
Radicalization Anti-West Narrative Fake News
Propaganda
. — ik - E
Several multi-year i if §; *..,,.,t.,.l
. | B ‘ e — ™
DoD funded studies O O O STR-H.?.,QM RII__GAA'ng::M
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®  Tracking anti-West, anti-EU, anti-NATO propaganda and influence campaigns
® Participated in various NATO exercises to assist public affairs in social media

monitoring

| |

ANAKONDA-15
- 77,0500\
Dragoon Ride  Trident Juncture Brilliant Jump Anakonda Trident Juncture Baltic Operations
2015 2015 2016 2016 2018 2019

([

Study terrorist and hacker groups
®  Study 2019 Canadian Elections

Monitor disinformation campaigns in the Asia Pacific region (Singapore Ministry of
Communication and Information, Australian DoD, Univ. of Sydney)

I\/]l]gnit)or COVID-19 disinformation campaigns (FVEYS intelligence coalition, AR AG
office

Agarwal, Nitin HUSO 2021 20
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« Key coordinating pro-Russian actors
during Ukraine-Russia conflict
(Crimean annexation)

» A sample of blog network for Russia-
Ukraine conflict containing 18,000
blog posts from 26 blogs.

Focal Structures Analysis (FSA)
ooy S —— Ve - Nonde Sine PV TN — Rlge S+ Labet Pt S Show Label  Show Wiight  Show Dusctios

The moder wh  same cvlor rrpeesen 8 Socul MructeT. wherten the Gy Bodes A% 5ot inchedod i & fecel wrecee ot o Eagon Focl aecsens

* Nodes represent blogs and Edges
represent link between blogs (out-
links).

» The structure with blue nodes is
identified as a focal/coordinating
structure.

» Although RT.COM is the most central
node, the triad “Graham Phillips —
Russian News Agency — Voice of
Russia ” is a more influential
coordinating structure for information
dissemination.

Published in SNAM 2016

Agarwal, Nitin HUSO 2021 21
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« Graham W. Phillips is a British journalist and
blogger.

* He went to Ukraine to cover the voice of
Ukrainians during Euromaidan.

* He reported that Ukrainians are “happy” with
the previous pro-Russian government of
Ukraine.

* He used Vlogging to cover the events.

» His Vlogs made him an influential blogger &
an enemy to the current Ukrainian
government so they banned him from
entering Ukraine for three years.

« Once he was banned from entering Ukraine
he went to Russia instead of going back to
England.

Agarwal, Nitin

3 ©
How A British Blogger Became An

Unlikely Star Of The Ukraine Conflict
— And Russia Today

Geaham Phillips has become a fixture on Kremlin television and a micro-celebeity on
he streets of Ukraine.
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Multi criteria optimization formulation
to identify disinformation spreaders.
(Alassad, Agarwal, et al., 2021)
Central European Journal of
Operations Research, Springer
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network
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Security and Law

Volume 11 | Numsber 2 Article 1

2016

Exploring Deviant Hacker Networks (DHM) on S Al oy

Social Media Platforms

. 2 springer
Samer Al-khatech
. University of Arkanses, Lisie Reck
ISIS Recruitment Network Black Hat Hacker Network -

Univwraity of New Haven

Nitin Agarwal
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7 Using Computational Secial Sci Techniques to Identify Coordinated
% Cyber Threats to Smart City Networks

. |: Mustafs Alassad’, Billy Spann’. Samer Al-dhateed’, Nitin Agarwal'
! . ntonio 1 Usiversiy of Arkansas, Linte Rk, AR, USA
12 (wmalasssd, baspann, nxagarval ) foslr . ede
13 ‘Crrighton Usiversity, Omaba, NE, USA
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” 16
17 Abstract
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Before
Algebraic transformation of the model to identify key network ISIS recruitment
groups coordinating deviant acts grounded in Collective network (hub and
Action theory. (Alassad, Agarwal et al., 2020) Journal of spoke)

Information Processing and Management, Elsevier
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* Cross platform orchestration Asia-Pacifc Bloggers _
 Growing use of niche platforms

« Communities and coordination
* Flash mob style coordination

GlobalResearch Blog

* Blogger communities Mondalsation BqgpefEm ¢ /

* Coordinated clickbait (a.k.a. blog
farms, information laundering) [ f] |

* Computational (Al) propaganda — T
coordinated deepfakes -

« Algorithmic manipulation |

* Machine driven communications
(MADCOMs) (bots, botnets, social ™M
bots, etc.) o

Agarwal, Nitin HUSO 2021 27
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Coordinated deepfakes

Agarwal, Nitin

One such fake website
“weresorryindia.com” amplified anti-
Trudeau narrative suggesting he is not a
friend of the Canadian-Indian
community. The website tops the results
in search engines.

Sevsarryne Noskag o Yoo
it We're sorry India - Justin Trudeau is an
embarrassment

Joo ) bobaars o Lrant

o
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Queen's University
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Joumnal of Future Conflict - Online journal

Issue 02 (Fall 2020): CO&E, doctrine and lesson leamed in
support of future interstate conflict
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From bots = botnets = social bots
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Mutual reciprocity. No mutual reciprocity. Organizational hierarchy.
IFYFM & FMIFY Coordination in information network Core and peripheral bots
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Crimean Invasion 2014 Dragoon Ride 2015 Trident Juncture 2015 ISIS Propaganda 2016
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Interpretability
Detecting coordination among Twitter social bots (Khaund
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®  Al-based recommendation algorithms
that predict our shopping behaviors,
books and articles to read, videos to
watch lack transparency.
¢ Recommendation algorithm learns from
behavioral data and perpetuates the
underlying bias in its recommendations.
¢ YouTube’s recommendation algorithm
is known to push its viewers down the
conspiratorial rabbit hole by suggesting
related videos.

i On Facebook, ads to recruit delivery
drivers for Domino’s Pizza Inc. were
disproportionately shown to men,
while women were more likely to re-
ceive notices in recruiting shoppers for
grocery-delivery service Instacart Inc.

[ J

Explainable model could help in
identifying causes of biased
recommendations thereby enhancing
the model's transparency.
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Computational propaganda tactics on YouTube detected using a groundbreaking multimedia processing approach based on color theory.
Research received Best Paper award at the International Conference on Muman and Social Analytics (HUSO), Oct.18-22,2020
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Crowd ampification tactk successfully manipulated
YouTube's search results. “Mot News™ - a prominent channel
disseminating anti-US videos refated “South China Sea”
conflict - shows up at top of the search results.
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Video Barcode technique has been
transitioned 1o YouTubeTracker

Video barcode technique allows us to
navigate interesting narrative elements
for a collection of videos pertaining to an
event (above) or 2 single video (below)
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Virality over veracity!
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How to observe, identify, and measure algorithmic

bias?
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Topic drift and decrease in relevance was observed.
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Top PageRank videos were removed weeks or months after

their appearance in the recommendation network. Reason for
content removal is violation of platform terms and services.
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WUSO 2000 : The Seh intermationar Confewance on Muman and Soockl Analytcs

YouTube Video Categorization Using Moviebarcode

Recep Erol, Rick Rejelocne, Richard Yousg, Thomas Marcous, Mabamsad Nibal Hussis, and Nitin Agarwal
Collaboratoriun for Socked Media and Onbine Behavionsd Stwdies (COSMOSL
Uivernity of Arkomsas ot Linte Bock,
Linle Rock, Arkansas, USA
{exerol, mrejeleens. shycung, tumarcous. mahusain, sasgarwal) @ualrade
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Abiracs — very minets more than Sve Sandrod howrs of video
contont i wploaded %o YouTube, and we can oaly expect this

smenarise an entioe VouTobe vidoo inte & dinghe image i Meip
ey waberstand & vhbeo Witk even wokdhing 8 and ter
e dhter e baed on smllarity, W analysed s vies

Sochal Computing Bool

HUSO 2021

In addition 4o cout and power soquircracsts, carreatly vaslable
Video processiag tools Rave 3 sep Mearsiag cerve fo :
computing rescanchen. Moreover, Bese bk do met drecily
provide Informason to use in iiestification of cyber activides
on videos. Dwe W0 these limitations. we extond movicharonde.
8 statc of e ant vidoo samemariration ool (hat provides lincar
0 close-to lisear pocesuing time regantioss of video Mength

Movicharcode s & lochmigue Dt ses coler heory 10
semmuriae vidoos by comprosiag an eatre video o a
single image (5] The result of B tochmigue & & single
barcode comsinting of geserstod colors for cvery frame of
the movie, Movicharcode shows the color irmusons wikin
vidoos. gives an oversll ides abowt e video content. and
erables compuriwn with other videos without watching the
video, Pheredyy savng Seve

I thin puper. we exiend previously descrided movichancode
Into 3n implemenation and peototype 3 3 ol 15 Menaly
similacitics among vidoos, Captuing Dhe visusl pumienss in &
vidoo and exwact inuightfal Laowledge efficiently. In addeion
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Nodes: 2373 (1.23% visible)
Edges: 1753 (0.26% visible)
Directed Graph
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COVID-19 misinfodemic presents an example of emerging cyber-social threats. While there are similarities with other disinformation campaigns (e.g., anti-NATO,
arti-US, anti-£U, anti-West in Indo-Pacific reglon), COVID-19 disinformation campagns have thelr nuances such as global and reglional narratives; high topicad
diversity (health, policy, religion, geopolitical affairs, etc); high volume, velocdity, veracity, and variety of false narratives. COVID-19 misinformation tracker tool

developed in collaboration with the Arkansas Office of the Attormey General to support detection, investigation, and mitigation of cross-platform COVID-19
dsinformation Camgaigns and scams 1O st policy makers, Ouwr efforts demonstrate that when researchers coordinate with policy makers it can make 2

difference, especially when that coordination remains an onNgoing process.

How did you come across this
COVID-19 et : —
MISINFO

- - o o ./
’
People ratity s of sCavs 20g OTver May 5, 2020 Jan 24, 2003
el o e lon Cases nOt N Sur dabine Increased peretration mto rursl srees of Araram s aotsted by
which are hen weriligaled the arown in the figure o right Semoratraten the e®ectivesem of

’ the oo and communications Rratepes
== == ==- Arkansas Office
of the Attorney
_’ : ‘ General Press
’ Release on our

Misinfo Tracker

Croms gratiorm Tabe rartatives fetecied EOuaton (orvgiment of the eflon Dady feparts 10 the AL Ofie with O
g developed oo computations Imemligation resufts and recomyrmendstions
methodologhes for enbarcrg otresch rerenens

https://cosmos.ualr.edu/covid-19
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How misinformation spreads? Leveraging epidemiological model.

(Maleki, Agarwal, et al. 2021) European Conference of Operations Research (EURO)
2021
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— Parameter DEFINITION
B Contact rate between S and 1.
SEIZ model b Contact rate between S and Z.
» S: Susceptible p Contact rate between E and 1.
» E: Exposed p Probability of S to I given contact with I.
e | Infected I-p Probability of S to E given contact with 1.
. Z Skebti € Transition rate of E to I (Incubation rate).
- OKeplc I Probability of S to Z given contact with Z.
1-1 Probability of S to E given contact with Z.
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Misinformation regarding the unrest in
Washington, D.C. in March 2020
propagated using the #DCblackout
hashtag

Error =0.019
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Data collected during the effort led to development of predictive behavioral models to assist policymalking and crisis communications. Two examples are shown below.
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COVID-19 misinformation themes pushed on multiple platforms (blogs, twitter,

YouTube, facebook, and other non-mainstream social media platforms).
Recurring/periodic themes such as vaccine hesitancy, alternate medicines,
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Toxicity analysis on YouTube commenters. Taxic discourse causes dsruption
and polarization/segregation among communities, as seen above. We
demonstrate that by removieg highly tosic users from a network, hate
speech reduces, online dscourse improves, and fractured communities

heal. Owr findings offer guidance 1o policymakers within each coline social
mwmbmmmmmmmmm

Working with LinkedIn and Arkansas Office of the Attorney General

Agarwal, Nitin
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* Michigan lockdown protest Twitter data

For Lat Calo fir (hashtags: #LetMiPeopleGo, #Mileg,

#Endthelockdown, #MichiganProtest)
® April 1to May 20
® 16,383 Tweets

* Anti-lockdown communication network in
Michigan
®* 3,632 nodes
® 382 groups (focused on 5 most powerful groups)

* FSA/DCFM model showed powerful
coordination among far-right twitter groups

including QAnon calling for protest and actions

against Gov. Whitmer as compared to far-left

Michigan anti-lockdown protests groups. FBI later unraveled a far-right wing
communication network plot to kidnap Gov. Whitmer.
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Over 150 GB of data every day consisting of text, images, audio, video, networks, and metadata

Multi-threaded, distributed, resilient, and scalable data collection
framework has been developed, evaluated, and deployed.

Web spider & APIs

Entity Extraction Entities
Events (NLP) (e.9., person, [
place, etc.) Se— M

Internet (OSINF) l 1
Search

d

Data
Cleaning
Relevant

A
i —'
Cyber Forensic SMiBlog

Keywords x
ywi \ Analysis URLS | |
Social Media @ ==
Geofence :;:':g::'; | (smyBlog |}—» ::;‘s:‘r::; COSMOS Data
URLs Dashboard & App Suite

Methodology

Dashboard
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Anti-Vaccination discourse
COVID-19 misinformation
Indo-Pacific influence campaigns

NATO’s 2015 — 2019 Military
Exercises (Trident Juncture, Brilliant
Jump, Anakonda, Baltic Operations)

Canadian 2019 Prime Ministerial
Elections

US 2016 Presidential Elections (e.g.,
IRA social bot data)

Migrant crisis (European Union)

Ukraine and Russia conflict
(Euromaidan, Crimean annexation)

Ukrainian political affairs
Balkan political affairs
Venezuelan socio-political crisis

Agarwal, Nitin

HUSO 2021

Blogs
27 attributes

14,854 blog sites, 3,243,408 posts,
and 13,794,757 comments

Twitter

24 attributes

281,546,290 tweets and
42,624,095 users

YouTube

60 attributes

9,778 channels, 440,950 videos,
160,638,256 comments,
107,551,703 likes/dislikes/views,
and 11,563,003 related videos

Alternate platforms

BitChute, Parler, Rumble, Gab, etc.
24 attributes

2,723,790 posts and 38,490,624
views/likes
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Browser
Plugin

Blogtrackers © YouTubeTracker

btracker.host.ualr.edu/ vtracker.host.ualr.edu/

Selected in US Department of State Global Engagement Center’s
Tech Innovation program
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Social Media Training
Course

[lI-Marines Expeditionary Force Information
Group (IlI-MIG). July 2020

NATO Strategic Communications Center of
Excellence. 25-29 March 2019. Latvia

Marine Expeditionary Forces (2MEF). 28-31
August 2018 at CMU, Pittsburgh.

NATO Strategic Communications Center of
Excellence. 20-25 March 2017. Latvia.

US CyberCommand’s CyberSchool, 3-6 August

2016. Ft. McNair
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e Supported by NSF Big Data program

e Over 50 member institutions
worldwide including researchers,
policy makers, journalists, cyber
security professionals

e Outcomes of the working group
include

o Policy briefs laying out the
research agenda

o Collective catalog of resources to
spark innovation among
researchers

Agarwal, Nitin HUSO 2021 48



Social Computing Con

® Social Computing, Behavioral-Cultural
Modeling and Prediction Conference,
Washington D.C., July 6-9, 2021. (over 200
participants)

® Supported by several federal funding
agencies.

® http://sbp-brims.org/
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H{l\s Looking Ahead

ROCK

* Develop publicly available technologies and
solutions

* Social media companies need to be more
proactive, Algotransparency.org

 Emerging technologies like blockchain for content
validation, decentralized social media platforms

* Build collaborative networks of practitioners,
researchers, policy makers to address this
problem together

* Strengthen media literacy programs
* Need to advance the dialog on cyber diplomacy
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Thank you!

Nitin Agarwal, nxagarwal@ualr.edu

COSMOS Tools Developed:

Follow cosmographers on

COVID-19 - https://cosmos.ualr.edu/covid-19
Blogtrackers - https://btracker.host.ualr.edu/

YouTubeTracker - https://vtracker.host.ualr.edu/

Focal Structure Analysis - http://fsa.host.ualr.edu/

Blogtrackers © YouTubeTracker

FOCAL
STRUCTURE
ANALYSIS

https://cosmos.ualr.edu/
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