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5 < t ≤ 22 the rover redu
es its speed to avoid an �engine blown�failureDella Penna, Intrigila, Magazzeni, Mer
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25 < t ≤ 29 the rover brakes and stops to perform a 
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29 < t ≤ 35 the rover performs a 
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35 < t ≤ 43 the rover 
overs the remaining distan
e to the goal.Della Penna, Intrigila, Magazzeni, Mer
orio Planning for Autonomous Planetary Vehi
lesThe Sixth International Conferen
e on Autonomi
 and Autonomous Systems - ICAS 2010
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