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• Visual object tracking can be done Online or Outline.
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• In general, these approach need other techniques such as a contrario which

allow them to efficiently group the pixels of the image of the real scene.
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• To do this, we use the Kanade-Lucas-Tomasi (KLT) technique proposed

by Lucas et al [13] and then, modified by Shi et al [16].
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• A contrario: take inspiration from gestalt laws to describe what is

observable as shape in an image, and use the Helmholtz principle to

establish general thresholds of detectability.

• These steps are necessary to arrive at algorithms for detecting shapes,

free from any specific setting of parameters.
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• In this Figure the KLT module is formed by 1,2,5 components (in lightgray

color).

• And the Cluster module is formed by 3 (gray color), it is in this module that

we have made our contribution.
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• Next, we describe how we used the contrario method invented by [T.

Veit et al.].
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To solve the problem of extracting information from the real scene, we have

established two hypothesis:

• Firstly to detect and distinguish mobile objects among static objects, all the

nodes in the binary tree as well as the space of the H regions are analyzed.

• This second hypothesis attracts our attention, which we push to integrate

the technique of probabilistic measurement of quality 𝑀𝐺𝐾.
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• To reach our objective, we chose to use the favorable component of 𝑀𝐺𝐾
which is based on the equations that of [D. R. Feno].
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• This proposition giving after the comparison of results of calculation of the

favoring component. We take ∝ as the final value.
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Initially, 150 points of interest are detected (shown in yellow in Fig. a).

• Then, these points are followed along 6 consecutive images.
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• Fig. b shows in blue the position on the image of all the accumulated

points and in green the only group of mobile points identified as a dynamic

object. The position of these points corresponds exactly to the position of

the points on the car which enters the field of view.

• Fig. c shows the magnitude and orientation of the velocity of the points.

The green dots that correspond to the detected object all have the same

orientation value since the orientation is around 0 and 360 degrees.

Therefore, they correspond to the same direction.
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For this test, we initially selected 150 points of interest, which were followed for

20 consecutive images.
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• The position of the points as well as the two groups of dynamic points

found are shown in Fig. b. Thus, two groups are found despite the fact that

there is only one pedestrian in the scene. The person's head and body are

identified as a single object, shown in cyan, and the legs are detected as

another object, which appears in green. By analyzing this result, we find

that the points corresponding to the upper part of the body have different

directions of movement from those corresponding to the lower part.

• Regarding the speed in Fig. c, the magnitude and the orientation are

dispersed for the two groups because the upper part of the person is not

the same movement as the lower part.
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