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Social Media

Social Media Analytics
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Changes in communication behavior Social Media Analytics

40 -
35 Social networking
SMS
B E-Mail
30 7 B Landline phone
@ Cellular phone
25

Communication effort in hours per week

1990 1995 2000 2005 2010

Changes in communication behavior of 15-25 year old people

Source: OVUM (2009): The Social Telco, p.4
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Social media

Social media

The term Social media comprises systems which enable people to work together, to communicate,

or to interact in any other way. Social media supports the development and the self-management
of virtual communities.

Examples: Social media

Wikis

Social networks (e.g.,
facebook)

Instant messaging

(e.g., icq)

Social tagging

Blogs

Virtual worlds
(e.g., second life)

Online videos
(e.g., You tube)

Social bookmarking
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Social media mining
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Social networks

International Communities National Communities Other Social Communities
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Types of social networks

Type

Date of
foundation

Access

Members
(2010)

Turnover
(2010)

University of Erlangen-Nuremberg

Live
Oriented
Community

2004

All the
world

Web, apps
(nearly for
all mobile
operating
systems)

500 Mio.

700-800
mio USD

Live
Oriented

Community

2002

All the
world

Web, apps

115 Mio.
(mainly in
Asia)

Media
Oriented
Community

2005

All the
world
(music and
video
enthusiasts)

Web

10.7 Mio. in
GB (focus
on Europe)

Business
Oriented
Community

2003

Experts and
managers

Web, apps
(iPhone,
blackberry,
palm)

75 Mio. in
over 200
countries

17 mio EUR

Institute of Information Systems

Media
Oriented
Community

2003

All the
world

Web, apps
(iPhone,
blackberry)

Ca. 270
Mio.

495 mio
usD

Live
Oriented
Community

2005

Students, all
the world

Web
(iPhone,
blackberry)

17 Mio.

18 mio EUR

Social Media Analytics

Live
Oriented
Community

2006

All the
world

Web,
mobile (all
platforms)

> 75 Mio.

0, venture
capital
financed

Business
Oriented
Community

2003

Employed
persons
(people
over 18)

Web, apps
(iPhone,
blackberry)

45 mio EUR

Retail
Oriented
Community

2006

All the
world

Web

> 600.000

Source: Detecon 2010 9
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Social networks Social Media Analytics

WDRLD MAP OF SOCIAL NETWORKS
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Facebook as an important Social Network

More than 500 mio active users

50% of the active users log on to Facebook on any given day

Average user has 130 friends

People spend over 700 billion minutes per month on Facebook

There are over 900 mio objects that people interact with (pages, groups, and events)
Average user is connected to 80 pages, groups, and events

Average user creates 90 pieces of content shared each month

More than 250 mio Facebook users engage with Facebook on external websites

every month

More than two million websites have integrated with Facebook, including over 80 of
comScore's U.S. Top 100 websites and over half of comScore's Global Top 100

. websites
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Virtual communities

twitter¥

The best way to discover what's new in your world.

New to Twitter?
Easy, free, and instant updates
Get access to the information that
interasts you most.
na TRENDING TOPIGS )

Sign Up»

Search Home Profile  Account v

vigw all »

Adidas Originals | 5! ke |

lidH If someone has somethif

‘wall Info MEGA ‘WE ARE LONDON Artist Coll... Events > cause they have nathing goo

#  Adidas Originals + Others (Bt oaL i Just Others

JJ] Adidas Originals Hi fans, we and our friends at Burton Snowboards
(ttp://on.fb.me/BurtonSnawboards) proudly present the new adidas O

Interaction based on information
transmitted and not on appearances
(Primuth 1998).

Style of imaging the community, based on people's
interests such as their job or hobbies (Kjaerulf 1998).

bstenlos mitmachen!

=g * N

adidas - Burton Collection Fall/Winter 2010

G st Blurring of identity, based on speaking v ';:i ' :a .
& View all 123 commen ts . . ] LR . ==
_ about friends who one has never met in oB.E73 -
- T Py
erson. —
T P Trereonmellie L
‘=) O te—a
ﬂ é M&m 1’ g _
I @
Ba "a°®

Virtual communities

Virtual communities can be defined as social aggregations that emerge from the Internet when enough people
carry on those public discussions long enough to form webs of personal relationships. A virtual community is a
group of people who may or may not meet one another face to face, and who exchange ideas through the

mediation of computer networks.

Sources: Rheingold 1993; Chidambaram & Zigurs 2001 13
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Virtual communities and network effects

What are network effects?

Network effects are present when a product or service becomes more useful to customers in
proportion to the number of people using it.

= Direct network effects: The strength of these effects depends directly on the number of
users of a given device or technology
Example: a single telephone by itself is worthless

= |ndirect network effects: The value increases as the size of the installed user base grows
= Example: complementary goods like dvd players and dvd videos

Network effects in virtual communities

Build critical mass of members

< 7 < 7 <~ 7

Build significant Deepen insights into Attract broader range
amount of user- community needs in of providers at lower
generated content order to refine offers cost

Own illustration; adopted from Jelassi & Enders 2005 14
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Roles in Virtual Communities

Contents

Variety of
subjects/ offers

Higher rate of

Customer loyalty

More
interaction

communication

More visitors

1

More
contributions

v

Growing activity
within the
community

More transactions

1

am N 2 S N &

Higher loyalty

e

More customer
data

v

- / W | e /] =

. . Customer-
Higher consumer More attractive . Better customer
oriented product/
acceptance offers . knowledge
service
Transactions Member Profiles
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Social Commerce

Social Commerce

* Social commerce is a subset of electronic commerce that employs collaborative social media
tools to assist in online purchasing and selling.

e Characteristics:

* involvement of customers
* personal relationship between the company and its customers
* communication among customers
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Social Commerce: methods

Appraisal of retailers and products by customers (Social Navigation)

 Comments of other customers (Recommendation)

Virtual communities for companies or products, e.g., at Facebook (Following)

Customers design products and sell them on their private homepage (Shop Widgets)
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Application of social media: spread shirt

gin | wep (B | mg = &l

Piease enter your user name or e-mall agdress and Your passWord.

community

login

password

With Spreadshirt you can quickly and easily:

10 2
u

=3

dshirt Coupons

(B~ -+

Holiday Themes
¥ Family

b Lovers Only

Application of other social media

follow us:

facebook,
twitter, flickr,

youtube

bookmarks:
delicious,
stumbleupon,
myweb, diigo,
misterwong
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Internal spreadshirt

essories | Mew Products  Apparel | Gifts | SALE

Integration of
community members
in different aspects of

the company (e.g.,
design of apparels)

ate your own personal apparel!
It's casy: Pick a product; design it, order it

T-Bhirts and more
you design

' Start creating! |

We accept

iz - |

Current trends, discounts & coupons Spreadshirt-Guarantee

9

sign up for our Hewsletter “ Fast delivery

High quatity printing

-mail-add ¥ : 0 =
YoRrE M aoches Helpful Service 2 ||| PPl
Follow us Eookmarks Fair return policy

Tz il [
| EREY p D@ Mot

¥ Learn more

Contact

call us!

Create Custom T-Shirts ™ Open a Free T-5hirt Shop

Create custom t-zhirts and other perzonatized
apparel i our T-5hirt Designer. it's fast and =as
choose a product and add a design or text. Browss
through our designs or upload your own photo.

opan your own onkine t-shirt shop for fr
oustom t-shirts and other apparel with
designs, loEos or text. Spreadshirt takes
&& production, shipping and service.
commTNsGLLn each produ e IT 1y 1170
tim= you maks 3 zale.

Members can
open their own
spreadshops

¥ Create a custom t-shirt now

+ Open a t-shir
Sell T-Shirt Designs
Partnerships and

The spreadvent calendar
door number & opens to yet
another mass-customization
friend of ours: moo! with

e T

Fupports businesses
prarsed on

mare than 50
Pulk T-shirt team will

el your designs, withoul
t-shirts and other appard
and s=ll throush our Mark)
your designs from our T

Members can sell
their own t-shirt
designs

moo, you can print
¥ Continue reading

¥ Learn more
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Definition of Enterprise 2.0

Definition

"Enterprise 2.0 is the use of emergent social software platforms within companies or between
companies and their partners or customers. Social software enables people to rendezvous,
connect or collaborate through computer-mediated communication and to form online

communities.”
Andrew McAfee

¢¥® o/

Freimut Bodendorf
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Enterprise 2.0

YOU HAVE TO
CHANGE THE WAY
YOU COMMUNICATE

. WITH YOLR
3 CUSTOMERS AND
< EMPLOYEES
~§; '-\“

17+ -\

ALTERNATIVELY
YOU CAN BUY A

BUNCH OF COOL
ENTERPRISE 2.0
APPLICATIONS

GREAT!
Do IT!

HOW TO BECOME AN ENTERFPRISE 2.0

Institute of Information Systems

Freimut Bodendorf
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Effects of Enterprise 2.0 on the corporate success

rather bad
1%
\ no influence
(o)
bad_ e
0% rather positive

41%
no experience
19%

positive
21%

Source: http://www.hays.de/mediastore/Events/HaysForumWillmsBuhse_web20.pdf 23
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Example: Enterprise 2.0 at IBM in figures

e A
— Profiles in Yellow Pages
¢ ) IBM'‘s internal ,,BluePages” (Yellow Pages) include 582,765 profiles, that acquire 1 million
\—A\; search requests a week. All application authentications run over that.
|\ /
s ™
Communities
® The IBM Community Map includes over 900 communities (of interest). More than 147,000
g threads with over 410,000 entries are in IBM’s forums.
. /
s N
_ Blogs
) . l. IBM‘s Blog Central supported 50,400 employees with over 13,100 blogs, including 112,000
- entries and 115,000 comments and 25,800 obvious tags during the last 12 months.
1N /
s ~
Wikis
Two-thirds of IBM‘s employees use WikiCentral. Every day, 72,600 staffers access nearly
170,000 sites out of 12,000 wikis.
N /
s ™
{» Bookmark Sharing
‘:’V_ . IBM’s internal Bookmark Sharing System includes more than 394,000 stored links with
W_J 991,000 tags entered by 12,600 users.
e /
s ~
Activities
oL IBM’s internal Activities Service saves 46,100 processes, including 359,000 activities and
- 72,300 participants
o _/

Source: http://www.hays.de/mediastore/Events/HaysForumWillmsBuhse_web20.pdf 24
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Opinion Mining Social Media Analytics

£ : ’ \ .
f i

A LI

Opinion Mining aims at discovering valuable
member/customer/consumer insights
from social media by applying mining algorithms.
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Social Media Analytics

Text Mining aims at discovery and extraction of relevant information and knowledge
from unstructured text, e.g. semantics of content or relationships of authors.

Applications

Text Sources Text Storage Statistical and Linguistic Analysis

Domain-specific
Linguistic
Database

HTML .
N~ 2
T \_/

ASCII Text Database

\_/\_’/

A 4

Generic
Linguistic
Database

Heyer et al. 2006

Freimut Bodendorf
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Social Media Analytics

- Preprocessing - Classification -

e Information e Computer ® Machine e Aggregation
Retrieval Linguistics Learning e Data Mining
e Statistics e Support
Vector
Machine
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Social Media Analytics

,| like this shoe.”

Chunk- Named
Tokenization POS-Tagging Phrasing Entlt.y.
Recognition
e Token: | e Token: like e Phrase: like this ¢ Token: shoe
e Token: like e Root: like shoe e Type: product
e Token: this e Category: VAFIN © Type: verb
e Token: shoe e Type: verb phrase
e Token: . e Length: 4

University of Erlangen-Nuremberg Institute of Information Systems Freimut Bodendorf




Classification

Training

Training
Data Set
Linguistic
Features
Class Label

pd

Support Vector
Machine

Machine Learning System

Algorithm

Test Data
Set

Linguistic Features

Model

Classification Rules

Social Media Analytics

Performance

Precision
Recall
F-Measure

contains
,really”

1

»

1 contains ,great”

University of Erlangen-Nuremberg
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Static Analysis Social Media Analytics

Product Management

association of different labels (e.g., product attributes) with sentiments

Frequency of single labels Associated sentiment
F50 adizero
_ Label: Weight
manufactoring ’ 28,97% ' posifive Wpegalive  neulral
color J 17,40%
( weight @ 15.05% - 23,81% ”
comior 12,18%
playbility &P | 9.42%

pnce 83 B,11%
design ; %
player 3,28% -

. : : ; : . Realized for all labels (product
P W ME I B 9B B attributes and product components)
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Static Analysis Social Media Analytics

bleb quality convenient
sort feeling
durable manufacturing comfort comfortable
fit
damaged
|
feeling for e ugly
the ball Y ;
layabilit design
shot on play y WS
god fancy
shot power
chameleon
Messi color
white/pink
Robben

Ronaldo

black/yellow

heavy weight difference
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Dynamic Analysis Social Media Analytics

Product Management

How often and in which sentiment were the different products discussed over time?

—— frequency —— positive opinion —+~ sales volume
100% T T

90%

80%

70%

60%
50%

40% -

30%

20%

0% —-—/ i T T T t T T

Okt09 | Nov09 Dez09 Janl10 Febi0 Mrz10 Apri0 Mai0 Juni0 Ju10 Augl0 Sepl0 Okti0

Launch: new colors for 50 adizero Start of world cup
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Static Analysis Social Media Analytics
Player Management

Frequency and sentiment of postings discussing single athletes (e.g., skills)

4 positiv == negativ

167 positive 144 positive
. Miller 57,37% .
110 negative 100% 43 negative
71 neutral 64 neutral
Schweini =~ ..
: 116 positive
59 negative
13 neutral
73 positive
42 negative
44 neutral

111 positive
36 negative
49 neutral
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Static Analysis

Player Management

Connection of different labels (e.g. skills) with associated sentiments

Frequency of single labels Associated sentiment

Thomas Miiller

< S -

fitness

Label: Skills

= posilive B negative neutral

13,18%

\ 2B 4

performance 13,86%

intelligence

heath i
, ' ' ' ' ' ' Realized for all labels (football
0%  10%  20%  30%  40%  50%  60%  70% skills and player personality)
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Static Analysis

Player Management

Analysis of single words within the label (e.g., skills) and associated sentiments

Positive
Single Words Frequency
goal 33 Tm (28)34,11%
— 17 | (34)13,18%
pass 12 ball
: oal
technique 11 g
[ neutral ] technical
shoot 04 dribbling
Bt ot negative
pass
SKILLS bad pass  Single Words  Frequency
goal bl 1|
ball [ posite | womal [
e EC
shoot
e
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Static Analysis Social Media Analytics

Player Management

Creation of association networks (e.g., skills of Thomas Miiller)

goal game intelligence

ball

pass skills technical intelligence tactical

overview

slow

top form

performance

performance fitness tired

health

form

great

run -
performance without injuries injured injury-prone fit
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Static Analysis Social Media Analytics
Player Management

Which players are seen particularly positive/negative in the investigated period?

100% - nika

. ) 53,70%
Final Ranking _— £6,08%
40% /
Ratio of positive to negative sentiment /
20% -
Miiter Robben Messi Schweinsleiger Ronaldo
100% - i
60% - ’
32,84%
40% -
11,25%
0% 1 f 1 T
Messi Miiler Robben Schweinsieiger Ronaldo
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Dynamic Analysis Social Media Analytics

Player Management

How did the sentiments change over time and which events were crucial for this?

—+ frequency —+= positive opinion — sales volume
100%
90%
80%
70%
anclf

/ W
- irod 2N
o G e am————

10%/
wlfl | | [ A4 [ [ | | Y

Okt09 Nov09 Dez09 Mnlﬂ%blﬂ Mrzi0 Apr10 Mail0 Juni0 Jullﬂ/AugIﬂ Sep10 Okt10

top performance

injury
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Static Analysis

Summary

Competitor Analysis

Appearance

Quality

Costs Picture

Sound Equipment

Handling

0,12

-0,08 -
‘ O TV X positive @ TV X negative ‘ ‘El TV X positive B TV X negative O TV Y positive B TV Y negative
Dependencies Main Determinants
=positive = negative
=neutral
If costs = negative good

then picture = negative

If design = positive
then handling = positive

=positive
=positive =neptral < negative
good bad average bad bad
=positive = negative

good good bad

University of Erlangen-Nuremberg
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Dynamic Analysis Social Media Analytics

Competitor Analysis

= Opinion Shoe X
Opinion Shoe Y

0,08 -

Jan07 | Feb07 | Mar07 AprO7  Mai07 | Jun07 Jul0o7 | AugO7  Sep07 | OktO7 Nov07 Dez07

Market Analysis

Sales Analysis

vinion Shoe X

arman == Opinion Shoe X
piniion|Shoe ‘

A Sales Volume Shoe X

/
- § 4 /
Ef Sl
cﬂ-"
Jan07 Feb07 Mar07 AprO7 May07 Jun0o7 Julo7 Aug07 Sep07 Okt07 NovO07 Dec07 ﬁ Qﬁ @ 49 f ﬁ &f ‘&f
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Social Network Generation Social Media Analytics

Extraction

Relationship

Pairs of Postings Class

19»

Posting

,| love my iPhone!”

» =

MARTINZ7

Discussion
Network
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Social Network Analysis

Definition

Social network analysis observes interactions between active members of a group.

Key figures

= Calculate key figures for individual members
= Centrality
= Prominence

= Prestige

= Calculate key figures for the total network
= (Centralization

= Cluster structure

Freimut Bodendorf
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Centrality & Centralization

Centrality
refers to the position of an individual member.

Centralization
characterizes the total network.

Different approaches:
= degree centrality measures number of direct contacts

= closeness centrality measures number of indirect contacts

University of Erlangen-Nuremberg Institute of Information Systems Freimut Bodendorf



Centralization

v6

vl v2

Star Structure V5

- v5 has maximum centrality

- A star network has the maximum centralization
compared to networks of the same size v3

v4 O V7
v5
vl v2
Circle Structure
- Each node has the same centrality
-  Minimum centralization 3
V
v4
v6
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Opinion Leaders

( X Global Opinion Leader

Local Opinion Leader e ( ipns (High Closeness Centrality)

HM-3

(High Degree Centrality)

HP-1

EP-2 E: English
EP-1 H: Hispanic
P: Pittsburgh
M: Miami
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Social Network Analysis: Example Mobile Phones

mﬁckes
= W eo‘-"noe
Macintoshy: Gy i bee . ‘ Blade_Vampire B
. . T e’;‘. :: \ o
opinion leader V7 ANY e
.,l‘r. LS
TMSD.

i e G e et L ® T sckis

University of Erlangen-Nuremberg Institute of Information Systems

O Neutral opinion
. Positive opinion
@ Negative opinion
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Network Structure

Low centralization, low density
-> balanced discussion

High centralization, high density
“ -> trends emerge easily

O Positiveopinion O Neutralopinion @ Negative opinion —* Communication

University of Erlangen-Nuremberg Institute of Information Systems Freimut Bodendorf



Link-based Clustering

Basic Idea
= Cluster persons by successively eliminating links

= Eliminate links which connect different clusters (inter-cluster links)

University of Erlangen-Nuremberg Institute of Information Systems Freimut Bodendorf



Link-based Clustering — Edge Betweenness Algorithm

Edge Betweenness (EB)
=  Measurement for determining links to be deleted

= Definition: A link’s Edge Betweenness is the number of the shortest paths between pairs of
objects that run through this link

Link Shortest paths that run through the link EB

>0 0—-0 00|
4 3@9 3@9 00

L13
lel b 5 0~0 .
2 L, 00O 0~00~0,:°
— |00 00020

000 -00~0]
Lss Q@Q

52
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Link-based Object Clustering — Edge Betweenness Algorithm

Explanation

When clusters of a network are only linked by a few inter-cluster links, then all of the
shortest paths run through these links. Consequently the links which connect the clusters
have a high Edge Betweenness. By eliminating the links with the highest Edge Betweenness,
the clusters are separated from each other and a cluster structure of the network is created.

L

Freimut Bodendorf
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Clustering of Friends in Facebook Social Media Analytics

Pl 2 -
e . = i 2 “'-_.m 9 - M:_‘: 2o D
® - f Y- \% uchGraph
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Swarm Intelligence

Birds

Opinion Formation in Online Communities
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Swarm Intelligence

Definition

~

[Swarm intelligence can be defined as a phenomenon which arises
from the social structure of interacting agents over a period of time if
the number of problems solved collectively is higher than the number
of problems solved individually.

\ K#t’ﬂ"ﬂ‘ .

44

Preconditions Characteristics
* Interaction B (- Flexibility B
e Capability of problem-solving * Robustness
\ /  \sSelf-Organization /
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Swarm Intelligence in Web 2.0

 Colonies of social insects: Ants, bees, wasps, and termites are able to
achieve complex tasks such as picking up material or finding food by means of
cooperation.

* Collaborative groups of humans: Due to the collective process of exchanging
information and opinions during a discussion, the combined knowledge of
the community becomes more valuable than the sum of the individual
knowledge of all community members.

* Web 2.0: A wider range of people can connect more easily and more rapidly
to exchange information in online discussions.

o
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Swarm-based Opinion Prediction in Web 2.0

Opinion Prediction in Threads Opinion Prediction in Social Networks

4 )

P tel P e e el P ]
+
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Swarm-based Opinion Prediction in Threads Social Media Analytics

posting

positive
path

negative

th 2
ba path
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Swarm-based Opinion Prediction in Social Networks Social Media Analytics

If opinion of neighbors = positive and
opinion of leader = positive and
own experience = low then
opinion = positive
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Early Warning

Opinions on Web 2.0 have a high influence on consumers’ purchasing decisions

Negative opinions may harm the company‘s image and sales volume

Early warning in case of critical situations is crucial

If managers are alerted at an early stage they are able to take preventive actions
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Fuzzy Perceptron — Learning Rules for Early Warning

University of Erlangen-Nuremberg

output

class

rules

linguistic
terms

input

warning no warning

non-
critical

critical
situation

heutra
neutra
negative positive
negative
overall opinion of
opinion opinion
P leader
rule 1

if overall opinion is negative
and opinion of opinion leader is negative
then situation is critical
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Fuzzy-Perzeptron

no warning

= ‘\(' |ight|y positive
%Y??\\ negati

\/
Opinion Of Opinion Of Overa” Opinion
global opinion intermediary
leader
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Classification of Situations

Non-critical situation

L1} ‘L,
‘*  USER3 . &
) e USER 6
USER 1
| B, L |
-J\ . ,'. USER 10
«+ USER13 #‘ | USER 2 " il
¥ B \
USER4 ek | UseR9
& | ES | %" VSER26:GLOBAL |
- ( ;
! OPINIONLEADER
/| UsER14 ; USERS/ /A . ¥ User7
; \ -lrJ '_ ...' ’:l g B =
2\ S usen 24
: | ; USER 19~ P8
USER 15 USER12 USER 11
e |, * e 2l Y ey
USER 16 + ¥ - — o . WM
USEZ25LOCAL OPINIONLEADER T+
& INTERMEDIARY T — >\ 8
7) ; USER 8
f USER 27

{
-

<
USER21 | | ysgr20

‘.l
4% USER18 i
\p
"-‘

)
USER 17 ~% USER23

&
USER 22

+ positive opinion
- negative opinion
else: neutral opinion

Opinion of local opinion leader and intermediary: positive
Opinion of global opinion leader: positive

Speed of opinion diffusion: 0.18

Likelihood of opinion diffusion: 0.42

Overall opinion: 0.24
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Classification of Situations

Critical situation

¥ User1
1"-
?‘I’USER4
-*' E.
UsER2 USER3 USER 6

v
l_'-" il
<1 A% UYER 9: GLOBAL

W’ TN/ CPINION LEADER
oy

USZR 8: LOCAL OPINION
| LEADER & INTERMEDIARY

+ positive opinion
- negative opinion
else: neutral opinion

Opinion of local opinion leader and intermediary: neutral
Opinion of global opinion leader: neutral

Speed of opinion diffusion : 0.36

Likelihood of opinion diffusion : 0.47

Overall opinion : -0.11
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Using Social Networks for Marketing: Viral Marketing

Any marketing technique that induces Web sites or users to pass on a marketing message
to other sites or users, creating a potentially exponential growth in the message's visibility

and effect.

The Virus of Marketing (Rayport 1996)

“Think of a virus as the ultimate marketing program. When it comes to getting a message

out with little time, minimal budgets, and maximum effect, nothing on earth beats a virus.”
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Viral Marketing

Company

Advertisement

Concept of traditional Online-Marketing
-> Paying for advertisement

Company

Informationen

Source: Kollmann 2001

Concept of Viral-Marketing
- Free information spreading

Viral Marketing

* cost-effective spreading of the message

* basic principle: word of mouth

* specific use of the net effects of the Internet
* attention: distribution is uncontrollable
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Example: Viral Marketing on Facebook Social Media Analytics

info Photos Boxes Notes Events »
Q, Fiters
0 Home  Farth  Supp Anaelle Cotte http://wvw.facebook.com/?ref=logo#!/grou

p.php?gid=2574790740678ref=ts

Dell + Others Just Others N
m - Y si toi aussi tu conais les pubs par coeur ~*~

Dell We're proud to partner with @(1
"The Lazarus Effect” in New York. Wi
Cruz, Hugh Jackman, Don Cheadle & -
¢157 es ago - Share - Flag

cents can buy.
bitly .
. b Jason Parker Por favor abran en Cdrdoba Espafia pronto
Suggest ta Friends " f
€11 May 4 at 7:38pm - Share esterday at 3:34pm - Fag
Join the conversation about Dell ) 87 peple lke ths. .
product lsunches, newe_ susniz and IXEA USA - OFFICIAL FACEBOOK Jorge Vizcaino Sainz what would be my ife without IKEA....

mere! PAGE. IKEA website:

tp:/fwiww. IKEA-USA. com Friday at 9 Flag

Gemma Willison Oh, please join my group "My Kitchen Sucks - Yes Gemmas Kichen
Sucks'.... thank you

A [l S

Make Mandy ] , ot
- 7a  Neumann Schrader a3 R . D
[ ay at 3: Share - Flag
LAY [ g John Doe
Suggest to Friends fag L t Joel Webb ivoted for u gemma
€7 20 mirs X Friday at Flag

84,729 People Like This

&

o e SN Nufnizhy Joam : wall Info Photos +
wendoly| o b J“ Gemma Willison H Everyone, 1am on parl
Dell Support on r-& - and wouid really appreciate your help! [ am |
1 Friend Likes This Photos renovations to do that a new Ikea Kitchen W
5 2 of 16 3bums — folowing Ink and have a look at my descript
.-,5 How — ) See More
1¥- weh Wall Phatos S 1 : .
¥ : B What's on your mind?
Get fast, friendly| | e s R o
without leaving GE

aoe R 0 i 25 o Attach: W B 41

Steeve |

Secial RSS
MONDAYS-SCHOOL-WORK-BILLS-WRITE-A-REASON-YOU-HATE-MONDAYS
Home | DLTwi | YourB TOO/112386425464593
1 HATE MONDAYS ......JOIN MY PAGE AND WRITE A REASON U HATE MONDAYS TOO

™ John likes Del.
'y John likes IKEA.

20f 25 albums see Al o sgo - Flag

Wall Photos
qp iate l Lauren Thomas i love h&m!!! ;) best store ever
3 » cut an sgo * Flag

- Ultmate
3 Summer ~ . .
L 4 Vannii Schoissengeier | ¥ h&m | it is the best store |
HRL 3 s ag0 * Fiag

5 John lkes H&M.

) Raffasls Evey . lkes this.
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Facebook as Virus Incubator

Facebakers

file Applications

Developers

Pages

Groups

Countries Us states

show as list show as table

Fans
7450 214
5 684 808
4 684 461
4 070 857
3 859 512
3 5B6 322
3521 760
3517 538

¢ g condykech
'f togn Top Brands on Facebook (Facebook Page Statistics)
| Facebook pages Media |
Bookmarks I
Home
Profle 123456789101112131415 Next »
Applications glupg) T
Developers
. - catgor
Groups 1. Starbucks Retail
Cosibiey 2. Coca-Cola Consumer products
1S states 3. Skittles Consumer products
Advertising 4. RedBull Pharma
Contact 5. MNutella Food beverage
6. Victoria's Secret Fashion
7. Disney Film
8. Freeze Pops Food and beverage
9. Converse All Star Fashion

10. Pringles

11. adidas Originals
12. Converse

13, iFod

14. kinder surprise
15. Ferrers Rocher

Food beverage
Sports athletics
Eashion
Technology
Food beverage
Food beverage

Top Facebook Pages by month

Red Bull

Converse All Star
Starbucks
BlackBerrv®E
Starbucks Frappuccing

¥ T Y
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Fans grow
1121435
852 022
391290
358 250
356 189

3 431 678
3206 390
2921 710
2771992
2752 177
2 687 919
2 677 287

Percentage grow
38 %

33 %

6%

69 %

22 %
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Advertising

Contact

Facebakers.com on
Facebook

B Like

avrhakece

Facebakers.com has 8,713 fans

Top 5 countries on Facebook
1 United States

2 United Kingdom

3 Indonesia

4 Turkey
5 France

Highlights

1

3016 530
6 295820
24805 560
21 440 900
18 330 740

2
2

Facebook - TRUST with{out)

BUZZ
K] share

K3 share

Subscribe to news on Facebook

|

Email: |

Worldwide Facebook stats

T T T

.5'.;7- F ‘ Top media companies on
B\
b "

Countries with top Facebook
penetration to population

Recent Activity

.+~ Switzerland Facebook
" statistics
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Example: Viral Marketing on YouTube

Heineken Campaign

* only available on the internet, e.g., on YouTube
* more than 1,5 million views in the first two weeks
* possibility to share the video with friends in social networks

* several successful follow-up videos (e.g., a walking fridge)
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Example: Swedish Broadcasting Commission

= “A-great person’
S OSSR -

oo TOREEF Eg&mmw 1 YORREEMPUTER wa THE INTERET
e = LA PROGRAM '
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Example: Viral Marketing at Hornbach Social Media Analytics
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Example: Viral Marketing at Blendtec Social Media Analytics
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Opinion Manipulation

How will opinions develop if opinion leaders could be

/? \i? convinced to change their opinions?

\ How will opinions develop when new (known) messages are

% posted to a discussion board?
&y

University of Erlangen-Nuremberg Institute of Information Systems Freimut Bodendorf



Changing the Opinions of Leaders

Apply rules of
opinion formation
to adjacent users

Detect rules of Change opinions
opinion formation
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Effectiveness of Manipulative Messages

3,000

2,000

1,000

el ..I..H | 11

T T lll T T T T T THT Il .lII rT T T T T TT l l I T TT l T T T TETr T T T T TEr T r r r 1 1 1T 1T T 171717 l rT T T1T1
I l 5 7 9 |13 15 17 19 21 23 27 29 37 39 43 45 47 49 51 53 55 57 59

Opinion Change

Thread
-1,000

-2,000

-3,000
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Social Media

CAN | VOTE
ON YOUR
SITE?

D

COMMENT? »

POST?

EUILD l ‘l
COMMUNITY?

1S THERE ll i
ANY SOCIAL REVOLLITIONARY
SOMETHING NO
. r %
P ..
K

A REALLY GREAT IDEA IS EASILY SOLD
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